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Logistic Regression

Logistic Regression Example
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Logistic and Linear Regression
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Logistic Regression
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Logistic Regression/Sigmoid
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Logistic Regression/Sigmoid
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Equation: Logistic and Linear Models

y=Dby+DbyX ¢m LinearModel

P / Logistic Model
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Logistic
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Loss Function

Problem 5. Define the logistic regression loss function

1 m
p Z (3 log(py () + (1 = y;) log(1 — py, (%))
i=1

L(w) = —

The vectorized representation is:
1
L(w) = = (" Log(py, (X,,)) + (1 = )" log(1 = pu(X,))
with p,, (X;,) = o(X;,w) as defined above and y;,- = (31,2, .., ym”)r
Implement the vectorized version of the logistic regression loss function.

Check your code: The loss values is 0.0237 for the vector w defined in Problem 4 above.
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Loss Function

—(ylog(p) + (1 —y)log(1—p))
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Cost Function
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